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Abstract

This paper examines how resources that reside amalsmetworks of parents affect
adolescents’ educational attainment. Previous tiggliare inconclusive. We argue that these
inconsistent findings result from: (1) differentefifects of different types of parental social
capital, (2) selection into parental social capitald (3) effect heterogeneity of social capital
across social contexts. Using the National LongialdStudy of Adolescent Health (Add
Health), we combine propensity score matching aoti#ievel modeling to investigate three
indicators of parental social capital: informal sloe among parents, school-related closure
through parents’ activity in Parent-Teacher Assiomns, and parents’ civic engagement. The
results show that benefits of informal closure andool-related closure are specific to low-
poverty schools. In high-poverty schools, schotdtesl closure has no effect, and informal
closure can even be detrimental to educationainatent. The paper concludes that social
closure primarily functions as a multiplier of béoml resources in parent’s networks in
socially advantaged communities and exacerbateslkathereof in socially disadvantaged
communities. The social closure generated in infdraonnections among parents thereby

contributes to the encapsulation of disadvantageeas of concentrated poverty.



Sociological research persuasively shows that iakggus transmitted from one
generation to another and that education playyade in this process (see Breen and
Jonsson 2005 for a review of the literature). P@teatonomic and human capital,
reflected in their education, occupation, income aealth, shape their children’s
educational and professional success. Parentsllsmapital - resources that reside in
parents’ social networks - are an additional foncthe intergenerational transmission of
inequality (Coleman 1988; Bourdieu 1977). Just bkeer forms of capital, social capital
provides individuals with resources, informationgaccess to various paths of
socioeconomic advancement. Unequal access to phsacial capital may thus
contribute to the persistent inequality in educadiattainment along the lines of
race/ethnicity, social origin, and gender (Groddkarren, and Felts, 2008; Jacobs
1996).

While Loury (1977) and Bourdieu (1977) first intrexed the concept of social
capital, James S. Coleman (1988) spearheaded chswasocial capital in the study of
education. Building on Becker (1964), who concelited investment in individual
skills, i.e. ‘human capital’ as a rational strate@pleman noted that purposeful and/or
latent investment in social relations could briimgikr returns. While human (or
economic or cultural) capital is possessed by iddiis and travels with them, “social
capital inheres in the structure of relations betvactors and among actors. It is not
lodged...in the actors themselves” (Coleman 1988: Bi@s capital is distinctly social
because potential benefits are tied to socialioglat

Parents’ social connections may benefit educatiatiainment through several
mechanisms. On one hand, parents’ connectionstareeful persons can provide

access to resources that parents’ do not themsableéssuch as information, power, or



money. On the other hand, potential benefits meg drom parents’ network structure
itself that exists irrespective of the resourcdd bg individual persons in the network.
An example for such a network structure is the de@f network closure, i.e. the extent
to which everybody in the network knows one anather

In this paper, we argue that previous researctheimipact of parental social
capital on educational attainment is inconclusigeduse studies have not sufficiently
accounted for three dynamics: (1) differential efi§eof different types of parental social
capital, (2) social selection into parental socegpital and (3) effect heterogeneity of
parental social capital across social contexts.SkEmee network structure among parents
may be beneficial in advantaged communities butderaducational attainment in
disadvantaged communities. This paper contributéisd literature by investigating the
impact of three indicators of parental social cgdir educational attainment, by
accounting for selection into parental social admnhd for effect heterogeneity of

parental social capital across social contexts.

PARENTAL SOCIAL CAPITAL INTHE STUDY OF EDUCATION

Beginning with James S. Coleman (1988), socialtabpiudies in the sociology
of education have focused on how adults’ socialvogts improve the academic
performance of children. A central piece of Coletagh990; 1988) argument is captured
by the idea ofocial closure Social closure refers to relational collectistibat are
interconnected in dense and multiplex relationshipst is, where everybody knows
everybody else and is connected in multiple waysinistance as neighbors, friends and
colleagueslintergenerational closurexists when parents of children at the same school
are connected as neighbors, engage in to the saoiaé activities, and/or are active in

the PTA at their children’s school together. Suldsare generates high levels of
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conformity by building reciprocal obligations, nasrand expectations, trust, and access
to information. Thus, social closure generates fisfer individuals and small groups,
including safe streets, efficient informal businessngements, and, in the formative
example of the ‘Catholic school effect’, tenacistisdents (Coleman 1988; Coleman,
Hoffer, and Kilgore 1982). Coleman argued that Gldrschools are characterized by
tight-knit communities with norm-enforcing networks contrast, the disconnection
among parents in public schools creates gaps iautierity structure that allow children
to pursue the goals of the ‘adolescent societghsas popularity and athletic success, at
the expense of academic performance (Coleman I9&itlindsson, Bjarnason, and
Sigfusdottir 2007Y.

Drawing on a social capital tradition rooted in trganizational literature and the
study of information flows (Burt 1992; Granovetf&73; Lin, Cook, and Burt 2001),
Morgan and Sgrensen (1999) contest Colman’s arguomethe benefits of
intergenerational closure. They argue that inteegational closure limits children’s
creativity and stunts otherwise high-achieving stud. Instead, the beneficial network
structures among parents are ‘horizon-expandindyef\parents direct their social
energies toward people outside their immediateas@rld, opportunities to acquire
non-redundant information and social contacts drs® the “strength of weak ties”

(Granovetter 1973).

Intergenerational closure has received much engpiaitention in the education
literature with rather fragmented and mixed findinghe bulk of this research uses the
National Education Longitudinal Stuay 1988 (NELS). Carbonaro (1998), for instance,

initially supports intergenerational closure’s bigisgfor math achievement and high

! For a review and analysis of the empirical vayidif the Catholic school effect, see Morgan (2001).
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school graduation using NELS data. He later retrtigs claim (Carbonaro 1999) in light
of a debate with Morgan and Sgrensen (1999), wéinguhe same data, find that
intergenerational closure depresses math scores.using NELS, Broh (2002) finds that
intergenerational closure lowers math scores, digés English scores. Thorlindsson,
Bjarnason, and Sigfusdottir (2007: 161) report Hrabng Icelandic adolescents: “school
levels of intergenerational closure [...] are pragiebf higher math grades.” Using
NELS, Kao and Rutherford (2007) report that inteegational closure generally
improves GPA and composite math and reading tesescbut point out differential
returns to intergenerational closure for immigrand minority groups. In particular,
Asian students have higher educational returns frdenrgenerational closure than white
students, while black students’ returns are lowantfor their white peers.

Evidence based on NELS about the impact of intengegional closure on college
attendance and high school graduation is equatiynadusive. Sandefur, Meier, and
Campbell (2006) find no effect for intergeneratibciasure on college attendance, while
Kim and Schneider (2005) find that closure increasglege attendance. Teachman,
Paasch, and Carver (1997) note that closure iyifiatreases the probability of high
school graduation, but loses relevance as othéalsmapital and control variables are
considered. Other studies (Portes 2000; ThorlindB@rnason, and Sigfusdottir 2007)
similarly find that a positive effect of closure grades and test scores wanes once their
models include parental monitoring and support)estent activities, parents’
socioeconomic status and immigration backgrouncer@ly the literature suggests that
social closure on the school level - the percentdgtudents surrounded by closure in
schools - is more powerful in predicting educatlattainment than intergenerational

closure on the student level (Morgan and Sgren868; Morgan and Todd 2009;



Thorlindson, Bjarnason, and Sigfusdottir. 2007).i/Morgan and Sgrensen (1999) find
that school level intergenerational closure isideintal to educational attainment,
Thorlindson, Bjarnason, and Sigfusdottir (2007yfaamoderate positive impact.

The logic of horizon-expanding networks has madg prinimal inroads in the
empirical study of educational attainment. Oneoadsr this arguably is the difficulty of
measuring such networks persuasively. Morgan anenSgn (1999) claim horizon-
broadening networks are beneficial without direatlgasuring such networks. They
measure intergenerational closure and, in the alesafna positive closure effect, assume
such horizon-expanding networks must exist. Howgvarents can be connected to their
children’s friends’ parents, yet still have relaison the broader community that are
horizon-expanding. Conversely, some parents maggsssneither type of social capital.
As put by Ronald Burt “[T]he parental network arduheir children defines only part of
the social-capital effect on educational achievetimBme complete story is about
effective adult supervision (closure argument) corat with parental ability to wrestle
resources out of society to support the child” mr expansion argument) (2001: 47).

A lack of persuasive measures of horizon-expandargacts permeates research
following Morgan and Sgrensen’s (1999) horizon egi@n argument on educational
attainment. Based on NELS, Kim and Schneider (200&ke Morgan and Sgrensen
(1999) and Burt (2001) in recognizing the role afgnts’ ‘group-bridging’ ties as
sources of information that aid their children’dlege attendance. They operationalize
‘bridging’ ties among parents as bilingualism, untdte assumption that different
languages are used among distinct groups of pedpéy find that bilingualism benefits
college attendance only for white students, pogslbk to a higher concentration of

advantageous resources in their bridging networks.



Analytical strategy and contribution

This paper argues that three dynamics lie at the abthe mixed findings on the
role of social closure and horizon expansion incational attainment: (1) differential
effects of different types of social closure, (@ial selectivity into parental social

capital, and (3) effect heterogeneity of parenvala capital by social context.

Differential effects of different types of social closure

The inconsistent findings on the impact of intergyational closure on
educational attainment may be at least partly driwe ambiguity in the indicators used
and the extent to which they succeed in captuhiegessence of Coleman’s closure
argument. The most commonly used measure for ietemtional closure assesses how
many parents of their child’s friends a parent ka@whas talked to in the last couple of
weeks (e.g. Carbonaro 1998; 1999; Morgan and Semel99; Portes 2000; Teachman,
Paasch, and Carver 1997). This type of informadwie among parents does not
necessarily entail consensus about norms of acadeshievement or effective
monitoring of one another’s children. Converselrgmts’ involvement in the school,
such as their activity in the PTA, captures schretdted exchange among parents. While
parents’ PTA membership also does not necessarplyimonitoring of one another’s
children, parents’ communication in the PTA centaund the definition of common
norms of academic achievement and means to efédgnforce them. In the PTA,
parents jointly direct their energies toward impngvschool environments to foster their

children’s educational success.



Several studies include a measure of parents’ $amamvement as control
variables, such as parents PTA membership or aasitepgneasure of parent-school
connectivity, but do not treat them as measuretosiure itself (Carbonaro 1998;
Morgan and Sgrensen 1999; Teachman, Paasch, avel €807). For instance,
Carbonaro (1998: 397) finds that parents’ schodi@pation is more beneficial for high
school graduation than parents’ informal closuté,dmes not further investigate parents’
school participation in his subsequent related Wa€09). Similarly, Teachman, Paasch,
and Carver (1997) find that their composite meastigarent school connectivity
enhances high school graduation.

In contrast to previous studies that treat inteegational closure as one uniform
construct, we argue that informal closure and skhelated closure among parents
pertain to different aspects of Coleman’s origic@hceptualization of intergenerational
closure and may differentially affect educatiorntghiament. Breaking down the concept
into these distinct aspects brings us closer tarteehanisms by which intergenerational

closure affects educational attainment.

Social selection into parental social capital

Social selectiomay create an illusory parental social capitalctfte
educational attainment. Social closure in intergati@nal networks might be correlated
with other characteristics and resources of patbatsaffect educational attainment and
confound the effect of social capital, such as p@feducation or racial and ethnic
background (Kao and Rutherford 2007; Huang, vanBtark, and Groot 2009; Ravanera
and Rajulton 2010). For instance, parents who ctmbe active in the PTA likely differ

on other characteristics from parents who do nlegyTmight invest more in their



children’s education in other ways and have mone tand resources available to do so.
Further, based on the neighborhood in which theyadtord to live, parents actively
choose schools they think are best for their céidiwhich leads similar parents to
cluster in schools. A concentration of parents waloe mutual supervision of their
children may generate closure as a side effectdividual parents’ effort to maximize
social opportunities for their children. Hence watks can be seen as a by-product of
processes that structure educational attainmemtgubstion is whether parental social
capital has in fact a causal effect on educatiattalnment. To account for this selection
effects, we use propensity score matching (PSM)capdtalize on previous research
about the substantive selection processes at waylditie the specification of the PSM

models (Winship and Mare 1992; Harding 2003; Morgad Winship 2007).

Effect heterogeneity of parental social capital by social context

Consider as an example, effective enforcement ohadhat are beneficial to
academic achievement as one mechanism through whiistire can benefit educational
attainment (Coleman 1988). Such a beneficial efféctosure will only come about if a)
connected parents agree on common standards,dg) tbexmon standards foster
academic performance, and c) parents have theitapmeffectively sanction deviations
from them. If any of the above assumptions is net, itihere is no reason to assume that
closure will benefit adolescents’ educational attaent.

Indeed, closure may still be powerful as a mukipbf parenting effects but could
exacerbate harmful influences on children’s acadexohievement. In socially
disadvantaged communities, closure may functidlotk-in’ disadvantage. Parents may

not agree on common standards or be too overbuldenday-to-day problems to
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effectively sanction deviations from norms of acadeachievement in communities
where unemployment, economic deprivation, substabase, and criminal activity
pervade daily life. In such areas of concentraisddVantage, network closure among
parents can undermine parents’ efforts to shiedd tthildren from negative contextual
influences. Conversely, social closure in middied apper-class communities potentially
reinforces norms and practices that foster acadaatievement.

The study of social closure has largely been prgaed with its positive effects,
while failing to consider that in some environmemtssure might encapsulate
disadvantage. Portes (1998) has spearheaded abligyature about the ‘downside of
social capital,” noting that closure has negatieots including “exclusion of outsiders,
excess claims on group members, restrictions amidhal freedoms, and downward
leveling norms” (Portes 1998: 15). The embeddedreatf social capital (Granovetter
1985) and its downside are implicit or explicimamerous studies including Rubio’s
(1997) discussion of ‘perverse’ capital in Columaral Bourgois' (1995) treatment of
getting ahead ikl Barrio. Closure likely plays a role in the segregatecanrbore where
poor academic performance is well documented aaidlssolation has progressively
increased (Anderson 1999; Massey and Denton 198i&l@and Lee 2007; Wilson
1987; Duck 2009).

Studies that consider intergenerational closurataraction with socioeconomic
and contextual variables generally support thdtétsefits are specific to certain
population groups and contexts. It is, however édsar which underlying contextual
conditions drive the effect heterogeneity of soclakure. Using standard interaction
terms, Teachman, Paasch, and Carver (1997) ndtentbggenerational closure enhances

the beneficial effect of parents’ income on théifldren’s high school graduation. Using
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a hierarchical model, Thorlindsson, Bjarnason, &mgfusdottir (2007) note that high
levels of intergenerational closure at the scheetl mitigate the importance of
individual parents’ education for children’s mattages’ Kim and Schneider (2005) note
that intergenerational closure moderately enhaocksge attendance for non-minority
students but has no effect for minority studentso knd Rutherford (2007) equally
report differential returns to intergenerationalstire for minority and immigrant
children. Our study adds to this line of researglegtimating how the impact of different
types of parental social capital on educationalimthent varies with social context on the
school level. Schools based in residential neighdads are the focal point of social
organization for most adolescents and the impoetafi@ccounting for school context in
the study of educational attainment is well estdi@dd (Morgan and Sgrensen 1999;

Morgan and Todd 2009).

DATA AND METHODS
We use data from theational Longitudinal Study of Adolescent Hed/ld

Health), a nationally representative school-basadpde (144 schools) of adolescents
enrolled in 7th-19 grade in 1994/1995 when the first wave was adneres (Harris et

al. 2003). Adolescents were followed over time smerviewed up to four times after the
baseline in-school survey in 1994 (1994/1995, 1296,1/2002, 2007/2008). We use
data from the Wave | in-home survey in 1994/199&nvadolescents where in grades 7-
12 to measure all independent variables. 20,74 adents participated in the Wave | in-

home questionnaire. To measure parental socialatape use the Wave | parental

2 Morgan and Todd’s (2009) findings from hierarchicedels show that intergenerational closure is
beneficial for educational attainment in Cathobib@ols, but not in public schools. Apparently, thare
beneficial resources specific to the religiouslgtzored networks surrounding Catholic schools (Bhge,
and Holland 1995) that are reinforced by intergatienal closure.
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interview conducted with the primary caretaker affeadolescent, which was completed
for 17,928 Wave | respondents. The educationalhatint outcomes are measured in
2001/2002, in Wave lll of Add Health when all respgents were 18 to 24 years old.
Wave lll contains data for 14,979 original Wavespondents. There are 13,332
respondents for whom information from the Wave-$amool questionnaire, the Wave |

parental questionnaire and Wave Il is available.

Educational attainmeris measured with two binary indicators: self-repdrt
graduation from high school and college attendaBSoee only part of the Add Health
sample had reached college-completion age by Whwed focus on college attendance
rather than college completion.

Parental social capitals measured with three indicators that pertainiffereént
types of closure and horizon expansiloriormal intergenerational closuris measured

with the following question, asked to a residerepaof each respondent child:

Please think about all of [your child’s] friend$éow many parents of [your child’s] friends have

you talked to in the last four weeks?

Answers were recorded in seven categories from'® @0 more’. We dichotomize
informal closure into a binary variable that takes value one when a parent talked to
two or more parents of their child’s friends andozetherwise. This captures informal
connections among parents that go beyond one dyiadetween parents.
School-related intergenerational closuseemeasured with parents’ membership
in the PTA. Parents’ PTA membership captures cesuwhich parents direct their
energies toward school-related activities. It idexbas a binary variable that takes the

value one when the respective parent is membéreoPTA and zero otherwise.
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Parents’ civic participatiomprovides potential opportunities to build both cies
generating and horizon-expanding networks. Rohdrid™ (1995) has forcefully argued
that social capital develops when people partieiji@tvoluntary associations. In such
organizations, individuals may be exposed to pebpie®nd their immediate cliques,
which is the essence of Morgan and Sgrensen’s {¥888oning about horizon-
expanding contacts. Civic and hobby organizatioesaurces of ‘weak ties’, which are
critical to obtaining non-redundant information grdvide exposure to diverse opinions
(Burt 1992; Granovetter 1973). While there is aedasbe made for civic participation as
a measure of horizon expansion, the local avaitglif such organizations suggests that
they may in fact generate another form of closBerents who are located in the same
residential school districts may overlap in thdcand hobby organizations they
participate in. In this case, parents’ civic engaget reflects another type of informal
intergenerational closure that is not school-rela®e measure parents’ civic
engagement by 2 items that capture participatiaromschool-related voluntary

associations:

Please tell me whether you are a member of anlyeofdilowing:
Hobby or sports group, such as a bowling teamhara radio club

Civic or social organization, such as Junior Leadraary, or Knights of Columbus

We generate a binary indictor of parents’ civictiggpation that takes the value
one if the primary caretaker is a member of oneore of these organizations and zero if
he or she is not a member of ahilable 1 shows descriptive statistics for the three
parental social capital indicators for the full gdenof parental interviews in Wave | and
the analysis sample that contains only adoleséentgshom information is available

from the Wave | in-home, Wave | parental, and Wilviaterviews.

3 We also conducted the analysis including pareneshbership in unions and veterans organizations. Th
substantive results remained the same and areblaffom the authors upon request.
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- table 1 about here —
Individual level covariates
We include individual level covariates that captadelescents’ social demographic
characteristics and academic performance. As itatis®f adolescents’ social
demographic characteristics we include age, gemdees, parents’ education, parents’
occupation, family type, religiosity, health, whethheir home language is English,
whether they were born in a foreign country, andhaicator for poverty. Religiosity is a
composite scale based on how important adolescatetseligion for their life, and how
often they go to church, pray or engage in otherdirelated activities. Adolescents are
regarded as ‘poor’ if the family received welfai@d stamps, or other means-tested
transfers in the year before Wave I, using inforaratrom the adolescent and parental
surveys.

As indicators of adolescents’ academic performaneénclude GPA,
adolescents’ college expectations, the Add Heatttuge vocabulary test, self-esteem,
and whether respondents have been victimized agawin a serious delinquency in the
past 12 months. Self-esteem is measured on a campoale of how strongly
adolescents agree or disagree with 12 items, imgutihave a lot of good qualities’, ‘I
have a lot to be proud of', and ‘I like myself juse way | am’. Victimization is recorded
as a binary variable that takes the value one v@nesdolescent has been shot, stabbed,
jumped or someone pulled a knife or gun at theteaatt once in the past 12 months.
Delinquency is recorded as a count variable ranfyog 0 to 16 that counts a variety of
delinquent behavior over the past 12 months, inoctpudamage of property, stealing,
running away from home and getting into seriousspta} fights. We include a scale for

the quality of adolescents’ relationship with th@iimary care-takers that captures
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whether adolescents perceive their primary carertak warm and loving, can talk to
them about important and troublesome issues anovarall satisfied with their
relationship. In addition, we include a subjecigsessment of adolescents’ general

health ranging from 0 ‘poor’ to 4 ‘excellert’.

School level covariates

Social (dis-)advantagenthe school level, the central contextual effect of
interest, is operationalized using several indicatd school compaosition: percent poor
students, percent students with a college-edugetesht, average school level family
socioeconomic status (SES), and percent black stsi@s a proxy for residential
segregation, for which research has well documeaézterious effects (Charles 2003).
In addition, we include school percentages of kined parental social capital indicators;

informal closure, school-related closure and patarvic participation.

Method

This study combines propensity score matching (P&wpin 1974; Morgan and
Winship 2007), to capture the selection of adoletcmto parental social capital, and
hierarchical non-linear models for binary data (®Ranbush and Bryk 2002). The
hierarchical binary models estimate school condéetcts that reflect the social

composition of schools.

* More detailed information on the measurement amsizuction of each covariate is available upon
request.
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Propensity score matching

We focus on an intuitive explanation of the coufsietual framework and PSM.
Comprehensive formal introductions are provideRirin (1974), Winship and Morgan
(1999), Morgan and Winship (2007), Schneider ¢2@07), and Caliendo and Kopeinig
(2008). To identify the ‘causal’ effect of parensalcial capital on educational attainment
net of selection into parental networks, ideallg, @ould compare each adolescent’s
educational attainment if he or she had grown upsaded by a specific type of
parental social capital to their attainment withthus parental social capital. Clearly, this
is impossible since we can only observe each ackehsn one of the two states and not
the counterfactual ‘what-if’ state. This is the d@amental problem of causal inference
(Rubin 1974).

The estimation of propensity scores is one waydtiress this fundamental
problem of causal inference with observational datelogous to the logic of
randomized experiments, the parental social caipititators are thought of as binary
‘treatments’ in this frameworkThe propensity of each individual to experienae th
‘treatment’ - in our case, the presence or absehparental social capital - is estimated
based on a set of covariates assumed to driveetbeti®n into parental social capital.
Following Harding (2003), our selection of covaesis based on previous research
about the substantive selection process at hareh atlolescents are matched on their

propensityto be surrounded by a certain type of parentak$eaipital. To estimate the

® One can question whether it makes sense to thiokitaa concept like social capital as a ‘treatment’
Social networks arise out of the lived experiendeinglividuals and it is probably difficult, if not
impossible, to administer social capital as one ld/@dminister a medical or educational intervention
Noting this, we nevertheless retain the term inpkag with the literature on causal inference. While
principle treatments can take multiple values, thiceedingly complicates estimation (Morgan and
Winship 2007) and we focus on binary treatmentshia paper. The results of the PSM models were
insensitive to several other dichotomizations &f itiformal closure treatment (O vs. all others, @s2all
others, 0-3 vs. all others alternative dichotonixet of parents’ civic engagement (member of onkath
types of organization, and each of them individgall
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counterfactual outcome, we match adolescents wdeved the treatment with
adolescents who did not receive the treatment &ditam equal propensity to be ‘treated’.
Thus, we can estimate adolescents’ educationahaiéat had theyot been surrounded
by specific types of parental social capital (Maorgad Winship 2007). The difference
between the group who received the treatment anchttched group who did not,
represents the causal effect of parental socialatayet of selection into parental social
capital®

Among several available matching algorithms (serlidg 2007; Caliendo and
Copeinig 2008), we chose Kernel Matching, a norajeatric matching estimator that
uses weighted averages of nearly all individuakhéncontrol group to estimate the
counterfactual outcome for the treated adolesdétgskman, Ichimura, and Todd
1998)! Weights depend on the distance between eachdraateuntreated individual.

All control cases are matched to each treatmeist @ad weighted so that the control
cases closest to the treatment case are givenmdhtegt weight (Harding 2007: 109).
Kernel Matching achieves lower variances than mtstr matching methods because
more information from the data is used and it haklgd good results in tests on
experimental data (Smith and Todd 2005; Heckmdmirara and Todd, 1998).

We only include variables that are unambiguoustyperally located before the
treatment in the estimation of the propensity sceueh as parental education, race, and
gender. Including predictors that may themselvesfteeted by the treatment, instead of
driving selection into the treatment, may lead dstgreatment bias (Rosenbaum 1984).

In addition, we include school fixed effects to tohfor unobserved school-specific

® Specifically, it represents the average treatnedfeict on the treated (ATT), the expected education
attainment with and without parental social capitalthose adolescents who actually were surroutged
the respective type of parental social capital. &dwlescents who grew up in contexts that do nstefo
social capital, its effect might be different. ($&&liendo and Kopeinig 2008, Rubin 1974).

" Results were robust in nearest neighbor matcleialiper matching and local linear matching.
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factors. This captures unobserved heterogeneitceded with parents’ efforts to select
the best school possible for their children, aratdby clustering of similar parents in
schools, which in turn may be associated with pateretworks.

Two core assumptions of PSM are unconfoundedneks\arlap (Heckman and
Smith 1999; Caliendo and Kopeinig 2008). The caadibf unconfoundedness, or
‘conditional independence’, assumes that the treatis exogenous after matching, i.e.
that the existing selection is on observable catesi and that matching successfully
eliminated all differences between matched corasinal treated on these observed
covariates. ‘Overlap’ assures that both treatedcamdrol individuals span the full range
of the propensity score. A lack of overlap couldearfor example, if there were no
adolescents with high propensities to have paresoizbl capital who were factually not
surrounded by parental social capital. In this cRSM models would amount to
extrapolating between two very different groups assentially comparing the
incomparable. Appendix 1 shows an evaluation cdito@ and overlap, and sensitivity
analyses of the results to possibly important uanted variables (Harding 2003; Becker

and Caliendo 2007). These analyses support ovegillmatching quality.

Hierarchical binary models

We specify hierarchical binary models (RaudenbushBryk 1986; 2002) to
estimate the contingency of parental social cafara¢ducational attainment on social
context measured on the school level. The estinaiguensity scores are included at the
individual level to account for social selectivitifo parental social capital. We estimate
separate models for each parental social capeafrtrent. Full model equations are

presented in appendix A2. The link function Yois a logit function for the two binary
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dependent variables, high school graduation andgmhttendance. The school level
equation models the intercept from the individeadel model as a function of school
characteristics summarized in a set of school lewetiriates. Because the individual
level covariates are centered around the grand ntleaimtercept represents the school
mean logit of high school graduation and collegeratance for a student with a (grand)
average on every individual level covariate, e adjusted school mean. To estimate the
contingency of parental social capital on socialtegt, we include cross-level
interactions between the respective parental soagital treatment and school level
indicators of social disadvantage. School levetgetages are derived with empirical
Bayes estimates in unconditional hierarchical mo@hudenbush and Bryk 1986;
2002)® The empirical Bayes estimates are an improvedidi for school percentages
and means because they include information frorecalbols weighted by the reliability
of the information for each school. Reliability aif estimated empirical Bayes estimates
is high, ranging between .795 for parents’ cividiggation in schools and .965 for
average family SES in schools. The school levatgreiages are rescaled such that zero
represents the lowest value. Their effects camteepreted as a change in the outcome

with a one percent increase in the respective sawowoposition variable.

8 Technically, empirical Bayes estimates are catedlén a hierarchical model without covariates gsfor
instance, the poverty indicator as the outcome.érhpirical Bayes coefficient for the intercept éach
school is generated in HLM6 and can easily be faamed into school level percentages for binary
variables and school means for continuous variaBlegirical Bayes estimates are also known as
‘statistical shrinking’, because outlier schools @&hrunk’ towards the population mean.
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RESULTS

Table 2 summarizes descriptive statistics of theaue variables high school
graduation and college attendance, the parentallsmpital indicators, and all
individual level and school level covariates fog 8SM and hierarchical binary models.
The individual level covariates that enter the P@bUels are marked with an asterisk. In
the PSM models, we additionally include school dixefects to account for unobserved
factors associated with selection into schoolss Thimportant to capture self-selection
of similar parents into schools.

- table 2 about here -
- table 3 about here -

Table 3 shows probit models that estimate the preipeto have the three types
of parental social capital. Poverty lowers adolas£erobability to have either form of
parental social capital and parents’ education ecdgmaccess to all types of parental
social capital. Similar dynamics drive selectiotoimformal closure and school-related
closure. They are usually associated with educakiadvantage: religious, white
adolescents, in traditional family structures witlo biological parents, who are
employed in a professional occupation, are mostyiko be surrounded by both informal
and school-related closure. Selection into paresivgt participation differs on a number
of factors: Hispanic and Asian - but not blackladoents - have a lower probability of
their parents engaging in civic organizations ttrer white peers. Religiosity plays no
role, while living in a rural area lowers the odif$having parents who are civically
engaged. Non-traditional family structures increfigeodds of parents’ civic

participation, which possibly captures outreachefxternal support networks by parents
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who raise their children in non-traditional famdieCompared to parents who have no
occupation, all parental occupations increase thbagbility of civic participation.

Table 4 shows estimated treatment effects ofttreettypes of parental social
capital on the probability to graduate from highaal and to attend college. The
difference in the mean probability of graduatingnfirhigh school and attending college
for the matched untreated and treated adolesogmtssents the estimated average
treatment effect on the treated (ATT). For instarc®lescents who grew up surrounded
by informal closure have a 93.5 percent probabibtgraduate from high school (table
4). Adolescents who are equal on all other chariatites, but were not surrounded by
informal closure (matched untreated) have a 92r@epé probability to graduate from
high school. The ATT is the difference betweentthe, i.e. informal closure increases
the probability to graduate from high school by ge8cent, net of selection into networks
in which parents are informally connected to tlefiitd’s friends’ parents.

- table 4 about here -

Treatment effects of informal closure and schotdtesl closure on educational
attainment are similar: a 1 to 2 percent increaghe probability to graduate from high
school, and about a 7 percent increase in the pilitgdo attend college. Parents’ civic
participation has no effect on adolescents’ prdidgho graduate from high school and
increases adolescent’s odds of college attendan8etpercent (table 4).

These estimates do not control for potentially cantling variables that could
not be included in the PSM models without riskimgptreatment bias, such as college
expectations and academic performance in 7th - dr2ithe. Of course, these resources
are in part also affected by the presence or absgingarental social capital, but surely

social capital is not the only pathway by whichderaic achievement affects educational
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attainment. In this sense, the effects reportadbte 4 represent a non-conservative
estimation of the causal effect. Models reportddweherefore control for academic
achievement and other characteristics associatideducational attainment and
represent successively more conservative estirnétbe effect of parental social capital.
Furthermore, the analyses reported so far tellotisimg about the hypothesized effect
heterogeneity of parental social capital acrosgaboontext. The propensity scores
estimated with the PSM models are subsequentlydiecl in the hierarchical models on
level 1 to jointly account for selection into patersocial capital and for contextual
effects.

We estimate six hierarchical models, one for egpk of parental social capital
and educational outcome. The hierarchical modelsgad in three steps: step (1)
includes only the estimated propensity score, Hrergal social capital treatments, and
interactions with social context; step (2) addiéityincludes potentially post-treatment
controls such as student achievement, victimizatiefinquency, and self esteem; and
step (3) additionally includes the pre-treatmenmttaas that were used to calculate the
propensity scoréWe calculate these three model scenarios as arvatise estimate of
the effects to explore their robustness acrosscatharios.

Tables 5, 6 and 7 summarize the estimates frorthtke model steps for the
parental social capital treatments and cross-lietetaction effects. Tables A5-A10 in
the appendix report full hierarchical models. Tlaey weighted with the Add Health
Wave | population weights. Deviance statistics|@alA5-A10) indicate that step 3,
which includes the full set of pre- and potentiglst-treatment controls, provides the

best fit to the data for both outcomes. Schoollléamily SES and school percent of

° The impact of pre-treatment controls on educatiattainment is principally included in the hieraical
binary models in the propensity score.
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black adolescents were omitted from the final mepeicifications, because they were
insignificant in all models. The percent of poard#nts and of students with college-
educated parents remain in the models as signifinditators of social (dis-)advantage.
The propensity scores for parental social capraircluded as dummy variables for
guantiles of the propensity score taking the lowgesintile as the reference category (see
Morgan 2001)° Cross-level interactions between the individuaélesocial capital
treatments and the concentration of poverty armbtége-educated parents in schools
test for effect heterogeneity across social confExe effects are presented as odds-
ratios. We limit our interpretation to effects thatre significant across all three model
steps, highlighted in bold in tables 5, 6, and 7.

- table 5, 6, 7 about here -

Informal closureincreases the probability of high school gradugthut has no
effect on college attendance, once we accounteecton and potentially post-treatment
covariates (table 5). The benefits of informal alesfor high school graduation are
specific to low-poverty schools, expressed in tbgitove odds ratio for informal closure
and negative cross-level interaction between sclevel poverty and informal closure in
table 5. This relationship is robust across akéisteps, albeit the effect sizes decrease as
additional controls enter the model in steps 2&nd fact, as illustrated in figure 1 for
all three model steps, informal closure among garkeenefits high school graduation
only in very low-poverty schools and is increasyndétrimental with a higher
concentration of poverty in schools. The negatifece of informal closure in high-
poverty schools by far outweighs its moderate bentdr high school graduation in low-

poverty schools. We only examine thé"16 90" percentile range of school poverty to

10 Estimates are substantially similar if we usept@pensity score as a continuous variable, or when
including both the quantile dummies as well asdetinuous propensity score.
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ensure that the effect sizes we interpret areaeffily supported by data and not purely
driven by outliers. In the lowest poverty schoatéprmal closure enhances the
probability of high school graduation between 8l @ percent. In the highest poverty
schools, informal closure decreases the probalafityigh school graduation between 5
and 10 percent (figure 1). We conclude that infdral@sure functions as a multiplier of
contextual effects on high school graduation ar@hess mechanism by which educational
disadvantage is encapsulated in socially disadgadtaommunities.

- figure 1 about here -

School-related closureneasured as parents’ membership in the PTA, gual
only affects high school graduation consistentlgt ins effect is contingent on social
context (table 6). Similar to informal closure, thenefits of parents’ school-related
closure for high school graduation are specifiote-poverty schools, expressed in the
significant negative cross-level interaction betwsehool level poverty and parents in
the PTA. Figure 2 shows two important differencetieen informal closure and school-
related closure: in low-poverty schools, the bereif school-related closure are far more
sizeable between 2 and 4 percent than for infooheaure. In contrast to informal
closure, parents’ school-related closure is natrdental for high school graduation in
high-poverty schools.

In sum, the results for informal and school-relatlEdure among parents suggest
that intergenerational closure is beneficial tchrsghool graduation in socially
advantaged schools but not in socially disadvamtagbools. Our findings also point to
important differential affects of informal and sdhoelated closure. Informal closure
among parents is harmful for adolescents’ educatiattainment in areas of concentrated

poverty. School-related closure has a more sizgaig#ive effect in low-poverty schools
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and does not bear such negative potential; iniplyi ineffective in areas of concentrated
poverty.
- figure 2 about here -

We find no support that the horizon-expanding péénf parents’ civic
participation benefits adolescents’ educationaimthent. Parents civic participation on
the individual level does not affect educationgiatment (table 7). This is in line with
no treatment effect of parents’ civic participatmm high school graduation in the PSM
models (table 4). Compared to a 3.5 percent inergasollege attendance in the PSM
models (table 4), the hierarchical models reprelsveer bounds of the civic participation
effect including school level and potentially ptgtatment controls.

This finding suggests that parents’ civic partitipa on the individual level does
not per se hold the benefits for educational atteimt assumed to reside in parents’
horizon-expanding contacts. On the school levekma’ civic participation is even
consistently detrimental to both high school grdidueand college attendance (table 7).
However, these results do not permit any basiclosimns about the impact of horizon-
expanding contacts for educational attainmentebstthey primarily point to conceptual
ambiguity about the social capital-generating conté civic participation. It is uncertain
to what extent parents’ civic participation captuh®rizon-expanding contacts or
possibly another type of locally organized closam@ong parents. A relatively high
positive correlation (.64) between parents’ civacticipation and informal closure on the
school level suggests that civic organizations éadgrimarily carry closure-generating
potential (see correlations in table A11). Simppyftrce of numbers, the more parents at
a school engage in the locally available civic, tygland sports groups, the more likely

they will cross paths in these organizations. Atfiiciently high percentage of civically
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engaged parents in schools, parents’ civic pagtmp seems to primarily generate non-
school-related closure among parents that caraggwkental potential for educational
attainment, similar to the detrimental potentialrdérmal closure. Interpreted as another
type of closure, the negative school level effégiarents civic participation is in
accordance with previous research (Morgan and Seret999; Carbonaro 1999) and
our own finding of a negative, albeit inconsistefiect of informal closure on the school

level (table 5 and 6).

DISCUSSION

This paper examined how resources that residerenfs social networks affect
adolescents’ educational attainment and therebtribate to the intergenerational
transmission of social inequality. We argued thaterh findings on the role of parental
social capital on educational attainment resulinf@neglect of three factors: differential
effects for different types of parental social talpisocial selection into parental social
capital, and effect heterogeneity of parental daapital across social context. We used
three indicators of parental social capital thatge to different aspects of social closure
and combined propensity score matching with hiéiaat binary modeling.

Overall, parental social capital during adolescemdyg modestly affects later
educational attainment once selection is accouiotedn the propensity score models,
effect sizes range between a 1 percent incredsglinschool graduation and a 7 percent
increase in college attendance in response tonraband school-related closure. In the
more conservative estimation in the hierarchicatlet® including context effects and
controls for academic achievement, the three tgpearental social capital no longer

affect college attendance beyond their effect gin school graduation. Only informal
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and school-related closure consistently affect lsifiool graduation and their impact is
contingent on social context. The detrimental piéeof informal closure in areas of
concentrated poverty outweighs its moderate beniefitow-poverty schools and it has
no effect in average schools. Conversely, schdateé closure captured in parents’ PTA
membership holds more sizeable benefits in low-ggwehools and does not have the
destructive potential of informal closure in aredsoncentrated poverty.

How do these findings relate to previous resea8th@ies that use hierarchical
modeling have pointed out negative effects of ggeerational closure (Morgan and
Sgrensen 1999; Carbonaro 1999) and the specidititg positive effects to certain
social contexts, such as Catholic schools (MorgaehTeodd 2009), and specific
populations, for instance non-minority studentsjkind Schneider 2005). Given the
possibility of unaccounted selection, problemsepiresentativeness and very low student
numbers in some schools in NELS (Carbonaro 1998)gih and Sgrensen (1999) likely
picked up the negative component of intergeneratiolosure in their finding of a
detrimental effect of closure. Our findings resenatth evidence on an elevated high
school dropout risk for adolescents from high-povaeighborhoods (e.g. Harding
2003), and suggest that informal closure amongnpsuraultiplies such negative
contextual effects in disadvantaged neighborhoods.

Ethnographic studies may shed further light onntleehanisms through which
different types of social closure multiply contextteffects. David Harding’s (2010) work
suggests that adolescents who live in neighborhptadgied by concentrated poverty are
exposed to heterogeneous normative influencesdbatt in “code switching”. Although
almost everyone in their social worlds believescadion is important, there is little

effective reinforcement of behavior required foueational success. Behavior that is
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associated with academic failure, however, is slyc@ceptable among adolescents’
peers and role models such as older boys. Hardsoghates that contacts to someone
who has actually completed college are cruciallgponant to help parents and students
develop realistic expectations and plans for tHeege enrollment process.

With regard to parents’ civic participation, ouradysis underlines the ambiguity
about the social capital-generating content ofitidgcator, as it offers opportunities to
build both closure-generating and horizon-expandmgacts. We cannot adjudicate
between these two interpretations using the datarad; and data that would allow us to
more fully describe the structure of parents’ neksare not available. Either way, on
the individual level parents’ civic participatioeipse does not affect educational
attainment. Civic participation on the school leseéms to organize another form of non-
school-related closure that is detrimental to etianal attainment.

As pointed out by Kim and Schneider (2005), theantpf horizon-expanding
contacts is likely contingent on the contacts’ eleeristics, just as the impact of closure
is dependent on the social context in which oredaated. To adjudicate the impact of
horizon-expanding contacts on educational attaitpfieture research should directly
measure characteristics of the persons who poppéats’ social networks. A fuller,
more detailed view of parents’ participation iniciassociations and more information
on the people participating in these civic orgatiizes is necessary to test whether weak
ties are strong for educational attainment.

In terms of policy conclusions, our study has apténmessage: while social
capital is in principle available to everyohentergenerational closure is not one uniform

construct and the impact of different types of alesis status-dependent. Our findings

Y This is visible in the very small number of ca&af§ support” in the propensity models (see app&ndi
Al).
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suggest that promoting informal closure will nohbt adolescents in average schools
and is potentially even detrimental to educati@itinment of adolescents in schools
with concentrated poverty. Promoting school-relatiegdure through PTA’s is more
promising to enhance educational attainment, athgianalyses give no reason to be
optimistic about its effectiveness in areas of emtiated poverty. In fact, both informal
and school-related closure reinforce the intergaimral transmission of social
inequality in educational attainment by benefitadplescents in socially advantaged
communities more than adolescent in socially disathged communities. This is one
example how social networks contribute to the aadation of advantage/disadvantage
(DiPrete and Eirich, 2006).

Quite how difficult it would be to design ethicabgnsible and effective social
policies targeted at parents’ social networks bexapparent when we relate the
findings of our study to other known dynamics igiabnetworks. Research on network
homophily, the tendency of persons to associate swiilar others, shows that
homogeneous networks are more stable than hetexogemetworks (McPherson,
Smith-Lovin, and Cook 2001). Over time, such honmages networks tend to
increasingly cluster people with similar charadtics in a cumulative-advantage-like
process (Kossinets and Watts 2009). Moreover, paaghomogenous groups tend to
become more extreme in their attitudes and comristia phenomenon known as group
polarization in social psychology (Stoner 1968ntserg 1986).

Applied to intergenerational closure and educatiattainment, this implies that
social closure will be particularly stable in netl®in which either social advantage or
disadvantage is highly concentrated. On the ond,lsiable, closed networks of

resourceful parents will spur increasing commitnmentorms that are beneficial to
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academic achievement. On the other hand, parerddagh the resources to effectively
enforce norms of academic achievement will be ‘tmtkn’ in equally stable and closed
social networks where other parents are also urtalgeomote their children’s academic
performance. Such a dynamic can induce downwardlspmf educational disadvantage
in areas of concentrated poverty. Homophily, grpalarization, and the multiplying
effect of social closure likely are powerful anthtevely inert network dynamics that are
not easily swayed by social policies, apart fromf@und ethical concerns about social
policies interfering with peoples’ personal netwsarie therefore conclude that social
policy should primarily target the reduction of textual disadvantage, and when
possible foster social closure as a multiplier @dipve effects. Nevertheless, an
awareness of the inequality reinforcing dynamicsamfial networks is an important
precondition to design effective social policieséduce inequality in educational

attainment.
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Tablesand Figures
Table 1: Distribution of three parental social ctgliindicators

Full parental Wave | Analysis sample
sample

N Percent N Percent
Parents talk to friends of parents (number): infafrolosure
0 4,624 25.79 3,219 24.14
1 3,664 20.44 2,695 20.21
2 3,480 19.41 2,637 19.78
3 2,101 11.72 1,589 11.92
4 1,388 7.74 1,095 8.21
5 598 3.34 471 3.53
6 or more 1,701 9.49 1,361 10.21
Missing 372 2.07 265 1.99
Total 17,928 100.00 13,332 100.00
Parents member of PTA: school-related closure
0 11,868 66.20 8,634 64.76
1 5,629 31.40 4,374 32.81
Missing 431 2.40 324 2.43
Total 17,928 100.00 13,332 100.00
Parents civic participation
0 13,092 73.03 9,622 72.17
1 4,290 23.93 3,304 24.78
Missing 546 3.05 406 3.05
Total 17,928 100.00 13,332 100.0

Note: Analysis sample refers to adolescents ppéted in the Wave | in-
home, Wave | parental and Wave Il interviews
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Table 2 Descriptive Statistics

Variable Mean StD Range N Missing
Outcome variable
High school graduatic 91 .2€ 0 1 13,33: 0
College attendan A€ 5C 0 1 13,33: 0
Parental social capital variabl
Informal closur bt .5C 0 1 13,06" 26t
Schoo-related closul .34 A7 0 1 12,92¢ 40¢€
Parents’ Civic Participatic .2€ .44 0 1 13,00¢ 324
Individual leve: social demographic characteristi
*Age 21.8¢ 1.7¢ 18 28 13,33: 0
*Family type:2 step parents (ref. 2 bio. pare A€ .3€ 0 1 13,33: 0
Single parer 22 A4z 0 1 13,33: 0
Other family .04 .21 0 1 13,33: 0
*Female BZ .5C 0 1 13,33 0
*Foreign bori .07 .25 0 1 13,32¢ 4
*Fundamentalist/born age .24 43 0 1 13,33: 0
*Home language Engli: A1 .32 0 1 13,32] 5
On parenwith a college degr¢ 37 A€ 0 1 12,85: 48(
*Parental educationHigh school (ref. drop ot 2€ A€ 0 1 12,85: 48(
Some colleg 21 41 0 1 12,85: 48(
College gradua 24 A8 0 1 12,85: 48(
Graduate scho Az .34 0 1 12,85: 48(C
*Parental occupationProfessional (rehone .34 A7 0 1 13,33: 0
Skilled 21 41 0 1 13,33: 0
Unskillec 2€ AL 0 1 13,33: 0
Othel .0¢ .2¢ 0 1 13,33: 0
*Poor/benefit recipiet A7 .37 0 1 13,32¢ 6
*Race:Black (ref. Caucasia .21 41 0 1 12,547 78k
Hispanic AE .3€ 0 1 12,547 78t
Asiar .0€ 23 0 1 12,547 78t
Other Rac .0z 14 0 1 12,54; 78t
*Region:Urban area (ref. suburb: 28 4t 0 1 12,55¢ 177
Rura A€ 3¢ 0 1 12,55t 7717
*Religiosity .61 27 0 1 13,27¢ 57
Individual level: «cademicperformanc
AH picture vocabulary te 100.9: 14.5¢ 14 14¢€ 12,01¢ 131«
College expectatiol 4.3C .9¢ 1 5 13,26 71
GPA (z-standardize( .0z .9¢ -3.1& 2.5 12,09t 1237
Healtt 2.8¢ .91 0 4 13,32¢ 7
Relationship to primary care tal 3.2t 7€ 0 4 13,167 16t
Self esteel 3.0¢ .5€ A1 4 13,30¢ 27
Serious delinquen: 1.1¢ 2.01 0 16 12,49 83¢
Victimization ¢ .3¢ 0 1 13,28¢ 46
School level covariat:
School civic participatic 26.4( 8.3( 2.06 57.5¢ 13C 14
School informal closui 57.7¢ 11.6¢ 31.6¢ 80.1¢ 13z 12
School parents college deg 35.7¢ 17.0¢ 8.¢ 88.3: 132 12
School povert 17.0¢  12.0¢ 2.06 57.5¢ 13z 12
School schotrelated closui 35,5 14.37 1292 78.1( 132 12

Note: unweighted because PSM models are unweigiteijhted means available upon request. Variabbrked with an asterisk are

included in the propensity score models
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Table 3: Estimation of the propensity scores, profgression

Informal closure School-related Civic

Coef. z-value Coef. z-value  Coef. z-value
Female .022 (.92) .001 (.01) -.0445  (-1.67)
Age at wave 3 -.059***  (-6.12) -.059***  (-5.65) -0176  (-1.68)
Race
Black (ref. Caucasian) -.256***  (-5.93) -.129** (-2.81) -.062 (-1.31)
Hispanic -.261*** (-5.49) -.285***  (-5.48) -.255** (-4.68)
Asian -431**  (-6.36) -.338***  (-4.70) -.267*** (-3.53)
Other -.336*** (-3.54) -.148 (-1.43) -.027 (-.26)
Region
Urban (ref. suburban) 113 (.23) .500 (1.20) -.334 (--53)
Rural 219 (.60) .523 (1.31) -926*  (-2.11)
Religiosity 382%**  (7.18) .290*** (5.08) .014 (.24)
Fundamentalist/born again .018 (.54) .028 (.80) -.019 (-.52)
Family type:
Two (step) parents (ref. tow  -.124** (-3.74) -.144**  (-4.03) .036 (12.00)
Single parent -106***  (-3.21) -.140***  (-3.87) .023 (.64)
Other -196**  (-2.62) -.275** (-3.22) 225%*  (2.72)
Poor/benefit recipient -.138***  (-3.63) -.145** (-3.34) -.093*  (-2.05)
Parentaleducation
High school (ref. drop out) A67**  (3.83) .342%* (6.32) 267**  (4.67)
Some college 241%*  (5.14) .567*** (10.08)  .461***  (7.76)
College graduate 352%*  (7.18) .794*** (13.78)  .578** (9.51)
Graduate school A33***  (7.45) 1.054**  (16.14) .799*** (11.80)
Parental occupatior
Professional (ref A70** (277 .33 (4.72) .35€F** (4.6))
Skilled .061 (.99) .048 (.67) 261**  (3.35)
Unskilled -.018 (-31) -.019 (-.28) .169* (2.25)
Other -.003 (-.05) .027 (.36) 213**  (2.56)
Foreign born -.236** (-4.18) -.079 -.212*  (-3.01)
N 11,899 11,790 11,647
Pseudo R2 .092 167 .090

notes: school fixed effects, *** p<.001 ** p<.01 ¢@05

38



Table 4: Average treatment effects of parentaladarapital on high school graduation
and college attendance

Sample Mean outcome Difference SE T-
(probability of dependent stat

Treated Untreated

Informal closure

High school Unmatched 935 .889 .046 .005 9.05
Matched .935 922 013 .006 2.08

College attendance Unmatched .560 413 148 .0092316
Matched .560 489 072 .011 6.68

PTA membership

High school Unmatched .964 .890 .073 .005 13.68
Matched .963 941 .023 .007 3.35

College attendance Unmatched .644 416 228 .0090324
Matched .642 570 073 .012 5.95

Civic participation

High school Unmatched .948 .897 .050 .005 9.32
Matched .948 .940 .008 .006 1.40

College attendance Unmatched 579 448 131 .0096613
Matched 579 544 .035 .010 3.36

Note: ATT=average treatment effect on the treateghlighted in bold
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Table 5: Hierarchical binary model with informalodure treatment

High school graduation College attendance
(1) (2) (3) 1) (2) 3)
Level 1
Informal closure 3.872** 2.907* 3.375* 1.429 1.535 1.479
(2.877) (1.915) (2.181) (1.453) (1.539) (1.415)
Poor B27*** B12*%** B678** .678*** 7135%* 733+

(-3.661) (-3.714) (-2.757) (-4.838) (-3.288) (-3.128)
One parent college degree2.237***  2.060***  1.720**  1.500*** 1.374%** 1.390***

(4.906) (3.698) (2.767) (6.384) (4.152) (3.782)
Level 2
School poverty (percent) .985* .995 1.001 .986* .993 .987

(-3.923) (-.484) (.144) (-2.071) (-.961) (-1.579)
School college-educated  1.021** 1.017* 1.017* 1.029*** 1.026*** 1.024***
parents (percent) (2.860) (2.248) (2.171) (7.027) (5.468) (5.297)
School informal closure .958*** .983 .983 .958%** .982* .984*
(percent) (-3.923) (-1.512) (-1.581) (-6.657) (-2.537) (-2.133)
Cross level interactions
School poverty*closure 961*** .964* * .962* * .992 .990 991

(-4.192) (-3.236) (-3.479) (-1.259) (-1.431) (-1.274)
School college-educated .984 .982 .980 .993 .995 .996
parents*closure (-1.787) (-1.683) (-1.739) (-1.695) (-.950) (-.935)
School informal closure* 991 .995 .993 1.429 1.003 1.003
informal closure (-.868) (-.424) (-.682) (1.545) (.395) (.439)

Note: *** p<.001 ** p<.01 *p<.05, Odds ratios, t#fas in parentheses, consistently significant effec
across all model steps highlighted in bold, futldels in tables A5 & A6
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Table 6: Hierarchical binary model with parentsRTA treatment

High school graduation College attendance
1) 2 3) 1) 2) 3)
Level 1
Parents in PTA 3.747x**  3.235x*  3.226%* 1.458 1.392 1.411
(3.672) (3.032) (2.955) (1.715) (1.502) (1.550)
Poor BL7*** .626** .628** B79*** T49%* 736%*
(-3.766)  (-3.379) (-3.167) (-4.807) (-2.960) (-3.038)
One parent college degree 1.932** 2.222%* 2.030** 1.226* 1.193 1.254*
(3.312) (3.547) (3.179) (2.124) (1.748) (2.071)
Level 2
School poverty (percent) .976** .988 .985 .982** .988 .984*

(-3.495) (-1.374) (-1.829) (-3.088) (-1.812) (-2.226)
School college-educated  1.018* 1.012 1.010 1.026*** 1.023%** 1.021%**

parents (percent) (2.269) (1.481) (1.257) (5.494) (4.757) (4.463)
School parents in PTA 967+ .989 .985 Q7 1xrx .989* 991
(percent) (-3.995) (-1.017) (-1.548) (-6.306) (-2.215) (-1.678)
Cross level interactions

School poverty* parents  .966*** .970** .968* * 1.004 1.001 1.001
in PTA (-3.450) (-3.138) (-3.288) (.539) (.199) (.128)
School college-educated .994 .995 .992 1.011* 1.010 1.010
parents*parents in PTA (-.559) (-.463) (-.821) (2.037) (1.834) (1.829)
School parents in PTA 1.001 .995 .999 .988* .985* .985*
*parents in PTA (.063) (-.403) (-.048) (-1.975) (-2.245) (-2.296)

Note: *** p<.001 ** p<.01 *p<.05, Odds ratios, t#fas in parentheses, consistently significant effec
across all model steps highlighted in bold, futldels in tables A7 & A8
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Table 7: Hierarchical binary model with parent @yparticipation treatment

High school graduation

College attendance

1) 2 3) 1) 2) 3)
Level 1
Parent civic participation .758 .999 1.119 .891 .825 .858
(--353) (--002) (.162) (--438) (--569) (-.462)
Poor 590*** B57** .666** 587x** .706** 756**
(-4.187) (-3.102) (-2.866) (-6.610) (-3.485) (-2.701)
One parent college degree 1.915** 1.638* 1.494 1.615%** 1.347 1.120
(3.546) (2.379) (1.916) (5.814) (3.372) (1.907)
Level 2
School poverty (percent) .970*** .978* 977* .981** .985* .981*
(-3.772)  (-2.410) (-2.481) (-2.926) (-2.071) (-2.377)
School college-educated  1.014* 1.012 1.008 1.026*** 1.025%** 1.025%**
parents (percent) (2.037) (1.478) (1.132) (6.115) (5.111) (5.223)
School parent civic .935x** .952%* .950%* .956%** .973** .964**
participation (percent) (-3.968) (-2.624) (-2.839) (-4.844) (-2.851) (-3.686)
Cross level interactions
School poverty* civic 1.005 1.009 .995 1.005 1.005 1.004
participation (.215) (.531) (-.199) (.616) (.619) (.528)
School college-educated  1.008 1.005 1.005 1.002 1.001 1.001
parents*civic participation (.662) (.364) (.286) (.312) (.134) (.200)
School parent civic 1.006 .998 1.006 1.004 1.008 1.006
participation*civic (.213) (-.073) (.416) (.344) (.580) (.452)

participation

Note: *** p<.001 ** p<.01 *p<.05, Odds ratios, t#fas in parentheses, consistently significant effec
across all model steps highlighted in bold, futidals in tables A9 & A10
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Figure 1:

Cross level interaction, informal closwaad school level poverty
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Figure 2: Cross level interaction, school-relatddsure and school level poverty
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APPENDI X
Appendix Al: propensity score matching quality

Figure A1 shows the common support of treated aatcimed controls on the
propensity scores. In all three PSM models theeevary few treated cases off support
(<20 cases), which suggests a good overlap ofelemtd untreated matched cases. We
exclude the treated cases off support in all sube®ganalyses. The right-skewed
distribution of treated cases and left-skewed ithigtion of untreated cases on the
propensity shows that our PSM models successfudlgrichinate the propensity to be

surrounded by each type of parental social capital.
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Figure A1: Common support on propensity score
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The balancing property of propensity scores issBatl if the resulting matched
control and treated observations have the samebdison of multivariateX and thus the
selection bias due % has been controlled. Tables A1, A2, and A3 shasthndardized
bias (Rosenbaum and Rubin 1985) and t-tests fanifignt differences between the

treated and matched controls on each covariatestBmelardized bias (SB) is defined for
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each covariate as the difference in sample meansbg the treated and matched control
subsamples as a percentage of the square root @efvérage of sample variance in both
groups (Caliendo and Kopeinig 2008: 48). Low stadidad bias for the matched treated
and control cases and insignificant t-tests in@iggtod balance.

We calculate Mantel Haenzsel bounds (MH) to testthe sensitivity of our
results to hidden bias due to omitted variablesckBe and Caliendo 2007). MH bounds
give no information on whether bias actually existsnot, but they can quantify how
influential an omitted variable would have to bertealidate the findings and whether we
are at risk of over or underestimating treatmefot$ due to hidden bias. Table A4
shows the MH test statistic for various levels gbdthetical bias (gamma). A significant
gamma indicates possible invalidation of resuftaniomitted variable were included that
explains a certain proportion of the selection Wweaaly account for with the variables in
the model. All treatment effects are insensitive utoderestimation. The effects for
informal closure and civic participation are modeha sensitive to overestimation. The
unobserved selection would have to be 80 percamifia= 1.8) of the selection we can
account for in the PSM models to invalidate thattreent effects of informal closure on
high school graduation and college attendance.ckae participation, the unobserved
selection would have to be twice the selection e@ant for to invalidate the treatment
effect on high school graduation and 80 percens#bection we account for to invalidate
the treatment effect on college attendance. Ovetad MH bounds show that - if
anything - we are overestimating the effect of ptakesocial capital on adolescent

educational attainment in the PSM models.
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Table Al: percent bias reduction and t-tests fdahae, informal closure

Mean % red. t-value t-test
Variable Sample Treated Control %bias |bias| p>|t|
Female Unmatched .532 .520 2.4 1.33 .185
Matched .532 .528 9 64.5 5 .618
Age at wave 3 Unmatched 21.667 22.091 -24.7 -13.41000
Matched 21.672 21.703 -1.8 92.8 -1.02 .309
Race
Black (ref. causcasian) Unmatched 175 .239 -15.7 -8.55 .000
Matched 176 179 -.8 95.0 -.48 .632
Hispanic Unmatched 112 .201 -24.5 -13.44 .000
Matched 112 113 -3 98.8 -.19 .848
Asian Unmatched .043 .072 -12.7 -6.99 .000
Matched .043 .045 -9 92.5 -.62 .537
Other Unmatched .015 .023 -5.5 -2.99 .003
Matched .015 .014 .6 89.6 .37 713
Region
Urban area (ref. suburban) Unmatched .264 .296 -7.1 -3.83 .000
Matched .265 .262 .6 92.1 .33 744
Rural area Unmatched .196 174 5.8 3.13 .002
Matched 197 .202 -1.3 78.3 -7 484
Religiosity Unmatched .633 .585 17.6 9.56 .000
Matched .632 .633 -3 98.5 -.16 .877
Fundamentalist/born again Unmatched .268 .220 11.3 6.08 .000
Matched .269 .263 1.2 89.2 .68 498
Family type
Two step parents (ref. 2 bio par) Unmatched 71 90.1 4.9 -2.64 .008
Matched A71 178 -1.9 61.7 -1.08 .280
Single parent Unmatched .199 271 -17.1 -9.31 .000
Matched .199 .203 -1 94.4 -.58 .564
Other family Unmatched .021 .039 -10.7 -5.89 .000
Matched .021 .020 3 96.8 .24 .813
Poor/benefit recipient Unmatched 112 .204 -25.6 14.05 .000
Matched 112 115 -1 96.1 -.65 .515
Parental education:
High school (ref. drop out) Unmatched 270 322 211 -6.11 .000
Matched 271 .275 -.8 93 -.46 .646
Some college Unmatched 214 .210 9 .49 .627
Matched 214 212 .6 36.5 .33 744
College graduate Unmatched 273 .202 16.7 9 .000
Matched 272 .270 4 97.6 .22 .823
Graduate school Unmatched .165 .093 21.7 11.61 0 .00
Matched .165 .162 9 96 .45 .651
Parental occupation:
professional (missing/none) Unmatched 415 276  529. 15.91 .000
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Matched 414 .408 1.3 95.5 72 .469
Skilled Unmatched 213 221 -2 -1.11 .268
Matched .213 217 -1.1 48.4 -.61 544
Unskilled Unmatched .248 .318 -15.7 -8.54 .000
Matched .248 244 .9 94.2 .54 .587
Other Unmatched .083 .105 -7.8 -4.23 .000
Matched .083 .086 -1 86.9 -.61 .540
Foreign born Unmatched .042 .096 -21.3 -11.81 .000
Matched .042 .046 -1.4 93.7 -.95 .340
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Table A2: percent bias reduction and t-tests fdabee, school-related closure

Mean % red. t-value t-test
Variable Sample Treated Control  %bias |bias| p>|t|
Female Unmatched .526 .525 3 13 .894
Matched .526 527 -2 224 -.09 .928
Age at wave 3 Unmatched 21.613 21.992 -22.1 -11.38000
Matched 21.623 21.641 -1.1 95.2 -.48 .633
Race
Black (ref. causcasian) Unmatched .220 .195 6.4 3 3..001
Matched .222 227 -1.2 80.6 -54 .59
Hispanic Unmatched .093 .185 -26.9 -13.27 .000
Matched .094 .095 -3 98.8 =17 .863
Asian Unmatched .060 .053 2.8 1.47 141
Matched .060 .065 -2.3 18.4 -.99 .324
Other Unmatched .017 .020 -2.3 -1.16 .245
Matched .017 .016 .6 75.4 .27 791
Region
Urban area (ref. suburban) Unmatched .307 .266 9.1 4.73 .000
Matched .306 .309 -7 92 -.32 749
Rural area Unmatched .148 .205 -15 -7.56 .000
Matched .149 .148 3 97.8 .16 .874
Religiosity Unmatched .652 .590 22.8 11.78 .000
Matched .651 .650 A 99.5 .05 .961
Fundamentalist/born again Unmatched .285 227 13.4 7.01 .000
Matched .284 .278 1.2 91.3 51 611
Family type
Two step parents (ref. 2 bio par) Unmatched 158 90.1 -84 -4.27 .000
Matched .159 .167 2.1 74.6 -.98 327
Single parent Unmatched .187 .256 -16.5 -8.35 .000
Matched .189 .190 -3 98.2 -.14 .889
Other family Unmatched .018 .035 -10.9 -5.36 .000
Matched .018 .019 -.6 94.6 -.31 .754
Poor/benefit recipient Unmatched .088 .189 -29.6 14.54 .000
Matched .089 .092 -.8 97.2 -.45 .654
Parental education:
High school (ref. drop out) Unmatched .195 .343 -34 -17.03 .000
Matched .196 197 -2 99.3 -11 913
Some college Unmatched .200 .220 -4.8 -2.48 .013
Matched .201 199 3 93.7 14 .889
College graduate Unmatched .326 .199 29.6 15.6800 .0
Matched .328 .325 .6 97.8 .27 .79
Graduate school Unmatched .240 .076 46.2 25.67 0 .00
Matched .236 .235 3 99.4 A1 .915
Parental occupation:
professional (missing/none) Unmatched .524 .264 3 55. 29.06 .000
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Matched .522 .522 -1 99.8 -.05 .963
Skilled Unmatched .183 234 -12.6 -6.42 .000
Matched .184 .180 .8 93.4 .39 .694
Unskilled Unmatched .196 322 -28.9 -14.53 .000
Matched 197 .199 -5 98.4 -.23 .82
Other Unmatched .068 .107 -13.9 -6.92 .000
Matched .068 .069 -2 98.6 -1 .924
Foreign born Unmatched .050 .077 -10.9 -5.44 .000
Matched .050 .056 -2.3 78.5 -1.14 .256
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Table A3: percent bias reduction and t-tests fdahee, civic participation

Mean %red t- Test
Variable Sample TreatedControl %bias |bias| T p>|t|
Female Unmatched 509 530 -4.2 -2.01  .044
Matched 509 514 -9 78.1 -36 717
Age at wave 3 Unmatched 21.758  21.911 -8.9 -4.2  .000
Matched 21.758  21.769 -7 92.5 -26 792
Race:
Black (ref. causcasian) Unmatched .186 210 -5.9 279  .005
Matched .186 184 5 90.7 22  .826
Hispanic Unmatched  .078 177 -30.1 -13.24  .000
Matched .078 .076 5 98.4 23 819
Asian Unmatched .048 .059 -4.8 223 .026
Matched .048 .052 -1.8 62.7 -72 470
Other Unmatched  .018 .019 -1 -46 645
Matched .018 .018 -3 72.0 -11 913
Region:
Urban area (ref. suburban) Unmatched .252 285 -7.5 -3.53  .000
Matched 252 248 8 89.7 31 757
Rural area Unmatched .181 .189 -1.9 -9 .367
Matched 181 .189 -9 52.1 -36  .720
Religiosity Unmatched 613 611 6 31 758
Matched 613 613 -3 60.0 -1 .920
Fundamentalist/born again  Unmatched .245 248 -7 -34 737
Matched 245 251 -1.5  -114.5 -59 553
Family type:
Two step parents (ref 2 bioUnmatched 183 178 1.3 6 550
Matched 183 .186 -9 30.0 -34 734
Single parent Unmatched .192 246 -13.1 -6.08  .000
Matched 192 194 -4 97.1 -16  .875
Other family Unmatched  .026 .030 2.7 -1.25 212
Matched .026 .028 -1.5 45.8 -58  .564
Poor/benefit recipient Unmatched .088 178 -26.6 -11.85  .000
Matched .088 .088 0  100.0 000  .996
Parental education:
High school (ref. drop out) Unmatched .218 319 -22.9 -10.56  .000
Matched 218 222 -8 96.7 -31 754
Some college Unmatched .216 211 1.1 55 585
Matched 216 220 1.1 4.0 -43 669
College graduate Unmatched .302 220 18.7 9.11  .000
Matched .302 .305 -6 96.6 -24 812
Graduate school Unmatched 222 .100 33.6 17.27  .000
Matched 222 212 2.7 91.9 94 349
Parents occupation:
professional Unmatched 485 .307 37 17.91  .000
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Matched 485 478 1.4 96.2 53  .594
Skilled Unmatched .198 222 -6 -2.81  .005
Matched .198 .203 -1.3 78.7 -51 613
Unskilled Unmatched 218 .299 -18.7 -8.68  .000
Matched 218 218 -1 99.4 -05 961
Other Unmatched .074 .100 9.3 -4.29  .000
Matched 074 .075 -4 95.5 -18  .860
Foreign born Unmatched  .033 .078 -19.6 -8.56  .000
Matched .033 .033 2 98.8 12 906
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Table A4: Mantel Haenzel bounds on sensitivityitiolén bias

High school graduation College attendance
Gamma Qmh+ Qmh- pmh+ pmh- Qmh+ Qmh- pmh+ pmh-
Informal closure
1 895 8.95 .000 .00Q 15.95 15.95 .000 .000
1.2 6.14 11.81 .000 .000 11.03 20.91 .000 .000
1.4 380 1429 .000 .000 6.89 25.13 .000 .000
1.6 178 16.50 .037 .000 3.32 28.82 .000 .000
1.8 .01 18.49 495 .000 .16 32.11 435 .000
2 151 20.32 .066 .00( 2.62 35.07 .004  .000
School related closure
1 13.47 13.47 .000 .000 23.24 23.24 .000 .000
1.z 1122 15.8C .000 .0CO | 18.5i 27.9i .0C0  .0Co
14 9381 17.85 .000 .000 14.66 32.01 .000 .000
1.6 7.83 19.70 .000 .000 11.30 35.60 .000 .000
1.8 6.48 21.38 .000 .000 8.35 38.80 .000 .000
2 529 2293 .000 .00D 5.72 41.69 .000 .000
Civic participation
1 8.99 8.99 .000 .000 12.85 12.8529 .000 .000
1.2 6.95 11.10 .002 .000 8.54 17.212 .000 .000
14 526 12.94 .007 .000 492 20.9437 .004 .000
1.6 3.82 14.58 .000 .000 1.79 24.219 .037  .000
1.8 256 16.07 .005 .000 93  27.147 177  .000
2 1.4 17.4¢ .074  .0CO 3.3¢  29.801! .00C .0C0

Notes:

Gamma : odds of differential assignment due to seoled factors
Qmh+ : Mantel-Haenszel statistic, assumption: cstaration of treatment effect
Qmh- : Mantel-Haenszel statistic, assumption: uestémation of treatment effect
pmh+ : significance level, assumption: overestioratf treatment effect
pmh- : significance level, assumption: underestiomatf treatment effect
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Appendix A2: Hierarchical binary models

We show the model equations for the three modpbkdta the treatment school-related
closure measured by parents’ membership in the FRA.models for the other two
parental social capital treatments are analogowenobtes the dependent variables high
school graduation and college attendance. Covarfaghlighted in bold italic are grand-
mean centered, thus representing the adjustedgevechool effect. All individual level
covariates except the respective parental sogmiatdreatment are grand-mean
centered. The school level variables are not cedidiut rescaled such that the lowest
value is zero to give zero a natural interpretation

Model step 1

Level 1 model
og ] -
] rems)

Bo + Bipoor + Syinformal closure + f;civic participation + f,school related closure +

Bspscore 2nd quant. + fspscore 3rd quant. + S,pscore 4th quant. +
Bspscore 5th quant. + fyparent college degree)

with Prob(Y = 1|8) = P.

Level 2 model

Bo
= Y00 + Y01 School poverty + y,,school parent college degree + yy3school school related closure + u,
B1 =710
B2 = V20
3 =7V30

B4 = Va0 + Va1 school poverty + y,,school parent college degree + y,3school related closure
Bs = ¥so

Be = Yoo
B7 = V70
Bs = ¥so

9 = Yoo

Wherey,, represents the cross-level interaction betweeodcklated closure on the
individual level and school level poverty, apg represents the cross-level interaction

between school level closure and the school pesgerf college educated parents and
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vas represents the cross-level interaction betweerwithgl level school-related closure
and school level school-related closure.
Modél step 2

Level 1 model
log [(:P)] = B,y + picollege expectation + ,GPA + 3AH picture vocabulary test +

Byvictimized + f;serious delinquency + [;home language english +

B,general health + [ poor + Porelationship primary care taker + p,,self esteem +
By religiosity + fi,informal closure + [;parent civic participation +

Bisaschool related closure + fBspscore 2nd quant. +

Bispscore 3rd quant. + ,,pscore 4th quant. + f,gpscore 5th quant. + foparent college degree)
with Prob(Y = 1|8) = P.

Level 2 model
Bo

= Yoo + Yo1 School poverty + yy,school parent college degree + yy3school school related closure + v,
B1 = Y10

Bia = Y140 + Y141 School poverty + yi4,School parent college degree + y,435chool related closure

é1'9 = Y190
Model step 3

Level 1 model
log [(:P)] = B, + p,college expectation + ,GPA + ;AH picture vocabulary test +

Byvictimized + fsblack + S hispanic + f,asian + fgother race +

Boserious delinquency + (i age + B,female + ,,home language english +
Bizgeneral health + f1, poor + fisrelationship primary care taker + p,sself esteem +
Bisreligiosity + [igtwo step parents + fBqother family type + [, single parent +
Brrinformal closure + f,,parent civic participation + f,3school related closure +
Boapscore 2nd quant. +

Baspscore 3rd quant. + ,cpscore 4th quant. + ,,pscore 5th quant. + f,gparent college degree)
with Prob(Y = 1|B) = P.

Level 2 model

Bo

= Yoo + Yo1 school poverty + y,,school parent college degree + y,3school school related closure + u,
B1 = Y10

Bos = V230 + Y231 School poverty + y,3,school parent college degree + y,33school related closure

Bag = V280
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Table A5: Hierarchical model (Odds-Ratios) for inf@l closure on high school

graduation

OR t-ratio OR t-ratio OR t-ratio
Level 1
Post-treatment risk
College expectation 1.297*+* (5.479) 1.303*** B3)
GPA 1.851%** (10.498) 1.825**  (10.239)
AH picture vocabulary test 1.044%+x (9.215) 1.050 (10.258)
Victimization .905 (-.722) .863 (-1.086)
Serious delinquency .885*** (-4.519) .883*+* (B%4)
Home language English 1.387 (1.323) 1.577 (1.643)
Health 1.130* (2.079) 1.132* (2.991)
Relationship primary caretaker 1.051 (.595) 1.091 (1.014)
Self esteem .814 (-1.643) .768* (-1.968)
Religiosity 1.884* (2.274) 1.222 (.765)
Parent Civic participation 1.128 (.785) 1.232 (BB5 1.229 (1.319)
School related closure 1.755%*+* (4.691) 1.437* @29) 1.440** (3.067)
Pre-treatment
Age at wave 3 1.253%** (6.269)
Female 1.025 (.200)
Black (ref. Caucasian) 2.817%** (5.781)
Hispanic 1.530* (2.050)
Asian 3.480*** (4.166)
Other race 1.950* (2.421)
Step parents (ref two bio parents) .948 (-.349)
Other family type 712 (-1.358)
Single parent .885 (-.827)
Poor B27*** (-3.661) 612%** (-3.714) .678** (-257)
One parent college degree 2.237*** (4.906) 2.060*** (3.698) 1.720** (2.767)
Prop score 2. Quint. 1.607* (2.674) 1.320 (1.472) 2.039** (3.304)
Prop score 3. Quint. 2.458*** (4.630) 1.242 (1.082) 2.415*+* (4.059)
Prop score 4. Quint. 4.054** (6.592) 1.471 (1.556) 3.530*** (4.515)
Prop score 5. Quint. 8.388*** (6.654) 1.902 (1.721) 5.992*** (4.367)
Treatmentinformal closure 3.872* (2.877) 2.907* (1.915) 3.375* (2.181)
Level 2
Intercept 28.852***  (9.645) 23.916*** (7.379) 29.62* (8.334)
School poverty .985* (-1.955) .995 (-.484) 1.001 144)
School parents college degree 1.021** (2.860) 1*017 (2.248) 1.017* (2.171)
School informal closure .958*** (-3.923) .983 (-1 .983 (-1.581)
Cross level interactions
School poverty * informal closure 961 *+* (-4.192) .964** (-3.236) .962** (-3.479)
School parents college * inf. closure .984 (-1.787) .982 (-1.683) .980 (-1.739)
School inf. closure* inf. closure 991 (-.868) .995 (-.424) .993 (-.682)
Number of adolescents 11,453 10,589 10,589
Number of schools 130 130 130
Deviance 26759.32 23802.57 23702.17
Chi-square model comparison = 2956.75%** 100.40***

*** n<.001 ** p<.01 *p<.05, population average mddeth robust standard errors, EM Laplace iterasidioll

maximum likelihood, weighted data
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Table A6: Hierarchical model (Odds-Ratios) for infal closure on college attendance

OR t-ratio OR t-ratio OR t-ratio
Level 1
Post-treatment risk
College expectation 1.610*** (11.264) 1.582*  (quU58)
GPA 2.017*%* (17.932) 1.988***  (16.937)
AH picture vocabulary test 1.018*** (6.694) 1.020 (7.563)
Victimization .866 (-1.517) 913 (-.973)
Serious delinquency .940** (-3.348) .938** (-389
Home language English 1.515* (2.815) 1.206 ()22
Health 1.060 (1.669) 1.076* (2.137)
Relationship primary caretaker .973 (-.633) 959 (-.958)
Self esteem .926 (-1.211) .947 (-.868)
Religiosity 1.322* (2.977) 1.174 (2.092)
Parent Civic participation 1.067 (.951) 1.041 (p09 1.060 (.733)
School related closure 1.605*** (6.871) 1.346%*+* .0z0) 1.329*+* (3.918)
Pre-treatment
Age at wave 3 .943* (-2.428)
Female 1.205* (2.535)
Black (ref. Caucasian) 1.463* (3.074)
Hispanic 1.391* (2.291)
Asian 2.294** (3.386)
Other race 1.499 (1.757)
Step parents (ref two bio parents) .634*** 9eB)
Other family type 355+ (-4.644)
Single parent .784** (-2.855)
Poor .B78*** (-4.838) .735%* (-3.288) 733** (-3.B
One parent college degree 1.590*** (6.384) 1.374**  (4.152) 1.390%** (3.782)
Prop score 2. Quint. 1.378* (3.109) 1.173 (1.444) 1.186 (1.429)
Prop score 3. Quint. 2.024%** (6.022) 1.337* (2.)63  1.292 (1.569)
Prop score 4. Quint. 2.738*** (7.544) 1.433* (2.245 1.345 (1.415)
Prop score 5. Quint. 5.118*** (9.344) 1.998** (31 1.779* (2.255)
Treatmentinformal closure 1.429 (1.453) 1.535 (1.539) 1.479 (1.415)
Level 2
Intercept 1.267 (.909) .628 (-1.664) 671 (-1.339)
School poverty .986* (-2.071) .993 (-.961) .987 .579)
School parents college degree 1.029*** (7.027) &2 (5.468) 1.024*** (5.297)
School informal closure .958*** (-6.657) .982* (887) .984* (-2.133)
Cross level interactions
School poverty * informal closure .992 (-1.259) 099 (-1.431) 991 (-1.274)
School parents college * inf. closure .993 (-1.695) .995 (-.950) .996 (-.935)
School inf. closure* inf. closure 1.429 (1.545) 1.003 (.395) 1.003 (.439)
Number of adolescents 11,453 10,589 10,589
Number of schools 130 130 130
Deviance 34716.76 30463.11 30309.68
Chi-square model comparison = 4253.65*** 153.42%**

*** n<.001 ** p<.01 *p<.05, population average mddeth robust standard errors, EM Laplace iterasidioll

maximum likelihood, weighted data
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Table A7: Hierarchical model (Odds-ratios), schoelated closure on high school

graduation

OR t-ratio OR t-ratio OR t-ratio
Level 1
Post-treatment risk
College expectation 1.312%* (5.665) 1.324%** E80)
GPA 1.866***  (10.536) 1.844*+*  (10.262)
AH picture vocabulary test 1.043*** (9.129) 1.049 (9.855)
Victimization .901 (-.753) .867 (-1.033)
Serious delinquency .886*** (-4.598) .885%** (845)
Home language English 1.404 (1.429) 1.498 (1.486)
Health 1.140* (2.303) 1.135* (2.102)
Relationship primary caretaker 1.045 (.541) 1.089 (1.017)
Self esteem 797 (-1.854) .755* (-2.090)
Religiosity 2.011* (2.580) 1.685* (2.054)
Parent Civic participation 1.123 (.765) 1.229 (183 1.241 (1.391)
Informal closure 1.081 (.670) .894 (--949) .940 576)
Pre-treatment
Age at wave 3 1.201%** (4.926)
Female 1.057 (.441)
Black (ref. Caucasian) 2.212%** (5.040)
Hispanic 1.174 (.776)
Asian 2.160** (2.748)
Other race 1.381 (1.398)
Step parents (ref two bio parents) .866 (-.996)
Other family type .623 (-1.827)
Single parent .843 (-1.140)
Poor .B17*** (-3.766) .626** (-3.379) .628** (-3.19
One parent college degree 1.932* (3.312) 2.222*  3.547) 2.030** (3.179)
Prop score 2. Quint. 1.885*+* (4.294) 1.351 (1.718) 1.506* (2.257)
Prop score 3. Quint. 3.213%+* (7.483) 1.895* (384  2.243% (4.142)
Prop score 4. Quint. 3.505*+* (5.869) 1.293 (.958) 1.582 (1.604)
Prop score 5. Quint. 5.631*** (4.234) 1.173 (.336) 1.661 (1.045)
Treatment:school related closure 3.747%* (3.672) 3.235** (3.032) 3.226** (2.955)
Level 2
Intercept 21.900***  (11.050) 20.580***  (8.771) 3AT*  (11.141)
School poverty .976** (-3.495) .988 (-1.374) 985 -1.829)
School parents college degree 1.018* (2.269) 1.012 (1.481) 1.010 (1.257)
School school related closure .96 7*** (-3.995) 989 (-1.017) .985 (-1.548)
Cross level interactions
School poverty * school closure .966*** (-3.450) 7@ (-3.138) .968** (-3.288)
School parents college * school closure .994 (3559 .995 (-.463) .992 (-.821)
School parents PTA * school closure 1.001 (.063) 95.9 (-.403) .999 (-.048)
Number of adolescents 11,453 10,589 10,589
Number of schools 130 130 130
Deviance 26739.27 23799.15 23708.19
Chi-square model comparison = 2940.12*** 90.96* **

*** n<.001 ** p<.01 *p<.05, population average mddeth robust standard errors, EM Laplace iterasidioll

maximum likelihood, weighted data
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Table A8: Hierarchical model (Odds-Ratios) for sohrelated closure on college

attendance

OR t-ratio OR t-ratio OR t-ratio
Level 1
Post-treatment risk
College expectation 1.606***  (11.043) 1.580***  (qB30)
GPA 2.015%**  (17.957) 1.983**  (17.062)
AH picture vocabulary test 1.017%** (6.592) 1.020 (7.413)
Victimization .856 (-1.627) .904 (-1.077)
Serious delinquency .940** (-3.293) .939** (-38)8
Home language English 1.568** (3.204) 1.217 ()32
Health 1.060 (1.680) 1.077* (2.144)
Relationship primary caretaker 972 (-.679) 957 (-1.013)
Self esteem 919 (-1.323) .946 (-.894)
Religiosity 1.390* (2.395) 1.241 (1.601)
Parent Civic participation 1.063 (.904) 1.045 (p62 1.063 (.769)
Informal closure 1.362*** (5.156) 1.266** (3.525)  .ZB3* (3.282)
Pre-treatment
Age at wave 3 .941* (-2.516)
Female 1.218** (2.678)
Black (ref. Caucasian) 1.399** (2.916)
Hispanic 1.415* (2.541)
Asian 2.179* (3.176)
Other race 1.403 (1.561)
Step parents (ref two bio parents) .634x*x 140)
Other family type .364*** (-4.747)
Single parent .800** (-2.656)
Poor .B79*** (-4.807) 749%* (-2.960) 7136** (-3.®
One parent college degree 1.226* (2.124) 1.193 48).7 1.254* (2.071)
Prop score 2. Quint. 1.646** (5.348) 1.272* (2.037 1.164 (1.349)
Prop score 3. Quint. 2.339%** (8.011) 1.508** (3m9 1.326* (2.225)
Prop score 4. Quint. 3.270*** (8.515) 1.724** (338 1.460* (2.328)
Prop score 5. Quint. 6.773*** (9.970)  2.506*** (03) 2.024** (2.977)
Treatmentparents in PTA 1.458 (1.715) 1.392 (1.502) 1.411 (1.550)
Level 2
Intercept 977 (--130) .618* (-2.456) .638* (-2.342
School poverty .982** (-3.088) .988 (-1.812) .984* (-2.226)
School parents college degree 1.026*** (5.494) 302 (4.757) 1.021*** (4.463)
School school related closure 971 (-6.306) 989 (-2.215) 991 (-1.678)
Cross level interactions
School poverty * school rel. closure 1.004 (.539) .o0n (.199) 1.001 (.128)
School parents college * school rel. clos 1.011* .082) 1.010 (1.834) 1.010 (1.829)
School school clos * school rel. clos. .088* (-Bp7  .985* (-2.245) .985* (-2.296)
Number of adolescents 11,453 10,589 10,589
Number of schools 130 130 130
Deviance 34684.15 30443.73 30299.05
Chi-square model comparison = 4240.42%** 44.68***

*** n<.001 ** p<.01 *p<.05, population average mddeth robust standard errors, EM Laplace iterasidioll

maximum likelihood, weighted data
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Table A9: Hierarchical model (Odds-Ratios), for pat’ civic participation on high

school graduation

OR t-ratio OR t-ratio OR t-ratio
Level 1
Post-treatment risk
College expectation 1.304*** (5.529) 1.310%** &3)
GPA 1.874**  (10.617) 1.843**  (10.340)
AH picture vocabulary test 1.043*** (8.892) 1.048 (9.795)
Victimization .894 (-.815) .870 (-1.022)
Serious delinquency .885%** (-4.613) .884x+x (B%4)
Home language English 1.508 (1.732) 1.469 (1.416)
Health 1.138* (2.190) 1.137* (2.064)
Relationship primary caretaker 1.038 (.458) 1.083 (.949)
Self esteem .803 (-1.768) .769 (-1.942)
Religiosity 2.090** (2.914) 1.827* (2.501)
School-related closure 1.784%* (4.615) 1.398** €29) 1.394* (2.767)
Informal closure 1.097 (.825) .884 (-1.048) .930 .622)
Pre-treatment
Age at wave 3 1.189%*** (4.703)
Female 1.110 (.836)
Black (ref. Caucasian) 2.236**  (5.241)
Hispanic 1.345 (2.417)
Asian 2.564** (2.988)
Other race 1.441 (1.457)
Step parents (ref two bio parents) .809 (-n474
Other family type A84** (-2.920)
Single parent .806 (-1.454)
Poor .590*** (-4.187) .B57** (-3.102) .666** (-2.8%9
One parent college degree 1.915* (3.546) 1.638* .3719) 1.494 (1.916)
Prop score 2. Quint. 1.636** (3.350) 1.490** (2.875 1.627* (3.467)
Prop score 3. Quint. 2.512%** (4.685) 1.829** (285 2.201** (3.794)
Prop score 4. Quint. 3.109*** (4.481) 1.901* (2.310 2.460** (3.504)
Prop score 5. Quint. 9.443*** (6.655)  4.072*** (27) 5.822*** (4.485)
Treatment:parents civic participation .758 (-.353) .999 (-.002) 1.119 (.162)
Level 2
Intercept 53.074** (11.170) 53.669***  (9.532) 7&8**  (10.596)
School poverty 970+ (-3.772) .978* (-2.410) 977  (-2.481)
School parents college degree 1.014* (2.037) 1.012 (1.478) 1.008 (1.132)
School parent civic participation .935%** (-3.968) .952* (-2.624) .950** (-2.839)
Cross level interactions
School poverty * parents civic part. 1.005 (.215) .00BP (.531) .995 (-.199)
School parents college * parents civic 1.008 (.662) 1.005 (.364) 1.005 (.286)
School parents civic * parents civic 1.006 (.213) 998 (-.073) 1.006 (.416)
Number of adolescents 11,453 10,589 10,589
Number of schools 130 130 130
Deviance 26791.17 23801.43 23707.95
Chi-square model comparison = 2989.74*** 93.49* **

*** n<.001 ** p<.01 *p<.05, population average mddeth robust standard errors, EM Laplace iterasidioll

maximum likelihood, weighted data
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Table A10: Hierarchical model (Odds-Ratios), forguts’ civic participation on college

attendance

OR t-ratio OR t-ratio OR t-ratio
Level 1
Post-treatment risk
College expectation 1.609***  (11.308) 1.572*  (qBO1)
GPA 2.029***  (18.203) 1.988***  (17.098)
AH picture vocabulary test 1.0179***  (6.714) 102+ (7.230)
Victimization .862 (-1.562) 913 (-.961)
Serious delinquency .939** (-3.371) .938** (-383
Home language English 1.473* (2.578) 1.205 (D224
Health 1.062 (1.736) 1.076* (2.148)
Relationship primary caretaker .976 (-.575) 957 (-1.007)
Self esteem 921 (-1.280) 951 (-.789)
Religiosity 1.588** (3.565) 1.337* (2.266)
School related closure 1.671%** (7.566) 1.355%*  P85) 1.313%** (3.833)
Informal closure 1.415%** (5.831)  1.277** (3.667) 1.249* (3.225)
Pre-treatment
Age at wave 3 .936** (-2.844)
Female 1.258** (3.028)
Black (ref. caucasian) 1.411* (2.977)
Hispanic 1.488* (2.828)
Asian 2.358** (3.570)
Other race 1.374 (1.483)
Step parents (ref two bio parents) 596+ 836)
Other family type .304x*x (-5.505)
Single parent .760** (-3.354)
Poor .587*** (-6.610) .706** (-3.485) .7156** (-2.720
One parent college degree 1.615%** (5.814) 1.347 .373) 1.120 (2.907)
Prop score 2. Quint. 1.171 (1.542) 1.110 (.928) 64%2 (2.970)
Prop score 3. Quint. 1.492** (3.118) 1.197 (1.247) 1.476* (2.474)
Prop score 4. Quint. 1.734%** (3.872) 1.209 (1.201) 1.608** (2.661)
Prop score 5. Quint. 2.921%** (5.933) 1.702** (2504  2.504*** (4.177)
Treatment:parents civic participation .891 (-.438) .825 (-.569) .858 (-.462)
Level 2
Intercept 1.329 (1.247) .855 (-.625) 1.032 (:123)
School poverty .981** (-2.926) .985* (-2.071) .981*  (-2.377)
School parents college degree 1.026*** (6.115) 52 (5.111) 1.025*** (5.223)
School parent civic participation .956*** (-4.844) .973* (-2.851) .964** (-3.686)
Cross level interactions
School poverty * parents civic part. 1.005 (.616) .00b (.619) 1.004 (.528)
School parents college * parents civic 1.002 (.312) 1.001 (.134) 1.001 (.200)
School parents civic * parents civic 1.004 (.344) .00B (.580) 1.006 (.452)
Number of adolescents 11,453 10,589 10,589
Number of schools 130 130 130
Deviance 34843.41 30473.56 30295.92
Chi-square model comparison = 4369.85*** 177.64%**

*** n<.001 ** p<.01 *p<.05, population average mddeth robust standard errors, EM Laplace iterasidioll

maximum likelihood, weighted data
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Table A11: Correlation of individual and school éwarental social capital indicators

Individual level School level
Informal Civic School related Informal Civic
closure participation closure Closure participation
Civic
participation .16
Individual  School related
level closure 21 22
Informal
closure 27 15 14
Civic
participation .17 24 .16 .64
School School related
level closure A1 A2 .33 42 .50
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